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Abstract

This article is a founding memo of the Weight in the Attention journal, a project inspired
by the recent AIGC bubble. In time of post-COVID economic stringency, the AIGC
landscape presents a dramatic spectacle of eager to recreate the good old pre-COVID en-
trepreneurship hype. Existing works [3] have demonstrated a promising vision for mak-
ing fun of the time and the trend as both an outsider and an insider. The author examined
possible vacancies for AIGC-oriented humor and satire and proposed the creation of this
journal as a leisure platform.

1 Zeal, FOMO, and Anxiety

The introduction of DeepSeek in early 2025 put an extra burden [5] on already stressed
LLM engineers. Difficulties were observed on enjoying shared moments with friends
who were working at its competitors. In a highly competitive environment with little reg-
ulatory determination on maintaining work-life balance [2] [4], the fear of missing out
(FOMO) could easily pass down from top executives all the way along to frontline prod-
uct managers and software engineers, regardless of working on training models, tweaking
contexts, or developing supportive systems.

2 Buzzwords, Burnout, and Depression

On the other hand, being out of the AIGC industry does not mean feeling better. Since the
release of ChatGPT, buzzwords proliferated one-after-another — transformer, decoder,
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attention, agents, context, RAG, etc. The landscape looked like the radical evolution of
web frontend during 2014-2020 after with radical abandon of jQuery — Backbone, Me-
teor, Vue, Angular, React, Gulp, Grunt, WebPack, Next.js, etc. The quantity of technical
stack choices in web frontend projects were doubling every 18 months [1].

Both trends may lead to the same consequence — burnout. I had personally experi-
enced the burnout with the radical evolution of web frontend, and later decided to stick
to good old vanilla approach for small projects of personal use and to wait till a promis-
ing silver bullet emerges to give the zeal a pause, otherwise I would have no cognitive
resource to keep learning new web frontend stuff especially when it was not my main
focus. No person is absolutely immune to burnout and attention is not infinite. To keep
up to date does not constitute to follow every tiny footstep without examining its prowess
to remain part of best practices in subsequent years given that one does not personally
earn a living from it. In hindsight, the moments suggested clues of depression.

3 Content Orientation

This journal shall welcome articles that fall under any of the following categories.

1. Written by LLM: The article is mainly written by LLM.

2. Social impact: The article studies social impacts of AIGC such as financial
bubble, geopolitical contest, and end-user reception.

3. Interdisciplinary study: The article discusses how AIGC interacts with other
studies.

4. Usage best practices: The article affords information on how to develop, de-
ploy, or prompt AIGC software products.

5. Onion news: The article humorously resembles the absurdities of this era with
fake facts and true insights.
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Abstract

Like most journals, Weight in the Attention (WITA) handles manuscript submissions.
A rare characteristic of WITA is that the submission process is based on Git, GitHub,
and pull request. This guide offers a comprehensive guide for authors in good faith of
establishing an efficient manuscript acceptance workflow. Key takeaway — if you would
like to submit an already published article, just open an issue and include URL to your
article.

1 Directory Structure

Issues are grouped by year inside the “/issue” directory. Each issue consists of a “tex”
file and a “tex.d” directory.

1.1 Issues Catalog

Sketch of directory structure “/issue”:
/issue/
|- 2025/ -> Year, format YYYY
|- 202508.tex -> IssueID, format YYYYMM
|- 202508.tex.d/
|- meta/
|- entry/
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1.2 Inside Single Issue

Sketch of directory structure “/issue/Year/IssueID.tex.d”:
../202508.tex.d/ -> IssueDir
|- meta/
|- entry/
|- 001/ -> EntryID

2 Organizing Your Entry

Sketch of directory structure “/issue/Year/IssueID.tex.d/entry/EntryID/”:
../001/ -> EntryDir
|- info.toml
|- main.tex
|- cite.bib

You should have these 3 files. In addition, you may have subdirectories for images
and code pieces.

2.1 info.toml

This is a TOML file that contains the metadata of the submitted manuscript.

Example:
[[article]]
id = "myrun" # Same to EntryID
title = "Article Title Goes Here"
authors = ["John Appleseed (Reed College)", "John Doe (*)"]
authors_simple = "Appleseed, J., et al."
email = "user@example.com"
date = "2025-07-13"
license = "CC BY-ND 4.0" # Omit NC to allow more

2.2 main.tex

This is where your article content goes.

Example:
\setentryid{myrun}
\stdarticle{Article Title Goes Here}{%

\authorrow{John Appleseed}{(Reed College)}\\%
\authorrow{John Doe}{}%

}{2025-07-13}
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You should start the file like the example.

Here are commands you can use:

• \setentryid
Declares article EntryID.

• \stdarticle{Title}{Authors}{SubmissionDate}
Print article title, author, and date information.

• \entrypath
Get path to entry. Useful for \includegraphics{\entrypath/pic-1}.

• \authorrow{Name}{Institution}
Prints a row of author information. Must use inside argv1 of \stdarticle.

2.3 cite.bib

Unlike others, cite.bib may be omitted if your manuscript contains no citation at all.

3 Submission Workflow

Follow these steps to submit your article to WITA.

1. Fork Repository: Fork the repository and clone your fork to your machine.

2. Elect EntryID: Decide a short string for your article that is unlikely to collide
with other authors of the same entry.

3. Create Branch: In your local repository, create a branch named after your
username (e.g. “johndoe/entry256”).

4. Create Entry: In your branch, create relevant directories and files.

5. Local Build: Run the issue building workflow locally and debug problems, if
any.

6. Create Pull Request: Create a pull request that merges from your fork “john-
doe:johndoe/entry256” to upstream master branch.

7. Await Editor Review: Editors will review your article and will very likely
accept it.

The following list contains further clarification.
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1. You are free to, and encouraged to, self-publish your article anywhere else such
as your personal blog. It is your article, after all.

2. If you include non-empty “email” field in your “info.toml” file, an editor will
mail you a letter of acceptance when your article is accepted.

3. Even if your article is accepted, there is no guarantee that it will be included in
the next coming issue.

4. When creating pull request, use dummy IssueID “000000” (/is-
sue/0000/000000.tex.d). An editor will move your article to an upcoming
IssueID after acceptance.

5. To check whether your article is bug-free, you can run ./make.sh
issue/0000/000000.tex. If you do not have a GNU/Linux machine, try WSL.

6. Your article should have a redistributable license such, e.g. CC BY-ND, CC BY-
SA, GFDL. Alternatively, you can make it public domain. Open knowledge is
great.

7. LLM-created articles are encouraged to be submitted as public domain work.

8. If the article is created by LLM, the LLM should be attributed as an author.
Name can be online public service (e.g. Gemini, ChatGPT) or model identifiers
(e.g. Qwen3-32B).
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Abstract

In 2025’s AI frenzy, few brag sheets boast more bravado than “We’re a Claude wrap-
per.” At conferences, hackathons, and booster-pitch dinners, someone inevitably leads
with: “We didn’t train a model — we integrated Claude’s API in 30 minutes, wrapped a
lightweight UI, and voilà!” Congratulations: your startup is officially “innovative”—as
long as flimsy UI counts as disruptive.

1 The Rise of the Wrapper

A decade ago, “wrapper” meant a bandage; now it’s a business model. A popular obser-
vation calls these lightweight applications built on third-party LLM APIs, with minimal
effort and complexity [7]. Indeed, startups like Manus AI—which bridges Claude with
dozens of tools—are marketed as transformative, yet critics note: “Technically, yes —
Manus uses Claude’s API connected to 29 different tools” [3].

Yet that hasn’t stopped the cash flow: Bolt.new, a Claude-based code agent, report-
edly pulled in $8 million ARR in two months [9]. On Reddit and LinkedIn, the common
refrain is: “they may be wrappers, but their UI/bundling is what sells” [8]. In short, con-
venience is value — if users pay.
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2 Why Wrappers Sell — Even If They’re Middling

2.1 Speed to Market

You don’t need to train a model on petabytes of data — just spin up OpenAI’s or An-
thropic’s API, slap on a dashboard, and you’re live.

2.2 Product-Market Fit

Fast iteration beats slow perfection. A wrapper with slightly better UX often trumps
slower in-house models [5, 8].

2.3 Hype-Fueled Funding

Startup valuations are still riding the AI bubble. Investors throw money at any venture
tagged AI, even if it’s just an API client.

Is this sustainable? Some argue that 99% of AI startups will die by 2026—not due to
fraud, but because wrappers lack defensible advantages, product moats, or infrastructure
[5].

3 The Good, the Bland, and the Ugly

3.1 The Good

Wrappers democratize access. Tools like Manus or Lumio AI let non-coders assemble
workflows, compare models, and embed intelligence into documents or code — no PhD
required [6].

3.2 The Bland

Yet a face-emoji web app or generic chatbot? Meh. Many wrappers add no real power—
just paint. They echo the “AI Snake Oil” critiques by Narayanan, who warns that mar-
keting often overshadows technical merit [1].

3.3 The Ugly

Bandwagon effects hide deeper issues: pumps & dumps of attention, lack of security,
poor UX, bias inherited via opaque APIs, and zero explainability. The prompt-engineer-
as-founder has become a punchline—and a weak business model [2].
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4 What We Lose If Wrappers Win

• Lack of innovation: Relying on wrappers stifles model-level breakthroughs.

• Commoditization: AI becomes a plug-and-play feature, not a transformative
platform.

• Dependency risks: Lock-in to API ecosystems, vendor price hikes, and down-
stream fragility.

• Ethical opacity: Wrappers perpetuate bias and hallucination without oversight
[10].

5 Where to Go from Here

• Layer up, don’t wrap: Build meaningful differentiation—team curation, pro-
prietary finetunes, UX innovations, deep data integration.

• Prove real ROI: Move past MVPs to revenue, retention, or B2B traction—
beyond Buzzword Bingo.

• Push transparency: Embrace explainability frameworks, model audits, and
bias remediation.

• Prepare for shakeout: Many wrapper ventures will fade; the survivors will in-
novate, not imitate [4].

6 Final Word: Wrappers Can Blossom or Burst

Calling yourself a “Claude wrapper” isn’t shameful — but it shouldn’t stop at calling.
Execution, defensible strategy, and genuine impact matter. The current hype bubble may
lift all boats — but once the tide recedes, only the ships that actually sail will remain.

So yes — your startup might technically be a “free Claude wrapper.” But is it just
dressing, or will it deliver substance? That’s the question investors, users, and founders
must answer — without the marketing smoke.
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Abstract

This report analyzes the recent strategic pivot of Manus AI, a prominent Chinese AI
agent startup, involving the cessation of its mainland China operations and the reloca-
tion of its global headquarters to Singapore. While geopolitical tensions, particularly US
investment restrictions and export controls on advanced AI chips, are widely cited as
primary drivers, this analysis argues that Manus AI’s move was also significantly influ-
enced by intense domestic market competition, challenges in product differentiation, and
a proactive global talent strategy. By examining the interplay of these external and in-
ternal pressures, the report offers a holistic perspective on the complex decision-making
processes of Chinese AI firms navigating an increasingly polarized global technology
landscape, highlighting Singapore’s role as a strategic “third path” hub.

1 Introduction

Manus AI, developed by Beijing Butterfly Effect Technology, emerged onto the global
artificial intelligence (AI) scene in March 2025 with an invite-only AI agent that quickly
garnered attention [10]. Its core proposition marked a significant departure from conven-
tional conversational AI, as it was designed to autonomously perform complex, multi-
step tasks such such as filtering resumes, analyzing stocks, and even writing and deploy-
ing code [6]. This capability positioned Manus AI as a general-purpose agent aiming
to bridge the gap between human intention and tangible action, functioning as a self-
directed digital assistant. The platform generated considerable market buzz, with activa-
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tion codes reportedly selling for as much as 100,000 yuan on secondary markets, under-
scoring the initial excitement surrounding its capabilities.

However, by July 2025, Manus AI undertook a significant, largely silent, operational
adjustment, ceasing most of its activities in mainland China and relocating its global
headquarters to Singapore [4]. This strategic shift involved substantial workforce reduc-
tions in China, with the majority of its approximately 120 staff laid off, while a core
group of around 40 technical personnel were transferred to the new Singapore headquar-
ters [7]. Concurrently, Manus AI’s digital footprint in China was erased, with official
Chinese social media accounts (Weibo, Xiaohongshu) cleared of content and its official
website displaying a message stating “Manus is not available in your region” for Chinese
users [2]. This marked a stark change from its previous message indicating a “Chinese
version is under development”.

This report posits that Manus AI’s strategic pivot was not merely a reaction to esca-
lating US-China geopolitical tensions but a calculated, multi-faceted response driven by
a complex interplay of external pressures, including US investment restrictions and chip
export controls, and significant internal market dynamics, such as hyper-competition,
declining user engagement, and a proactive global talent strategy.

2 The Strategic Pivot: Confirmation and Context

The operational adjustments undertaken by Manus AI in mid-2025 demonstrate a deci-
sive move away from its original base in mainland China. The company officially moved
its headquarters from China to Singapore in June 2025 [5, 12, 7, 8, 11]. This relocation
was publicly confirmed by co-founder and chief product officer Zhang Tao at the Su-
perAI conference in Singapore on June 18, 2025, where he stated that Singapore was
now Manus AI’s main base. Beyond Singapore, the company also established offices in
Tokyo and California, specifically San Mateo.

A significant component of this pivot was the restructuring of its workforce. Bei-
jing Butterfly Effect Technology, the Chinese operating entity behind Manus AI, laid off
most of its approximately 120 employees in China, with those remaining receiving sever-
ance packages. Crucially, approximately 40 core technical personnel were transferred to
the new Singapore headquarters, indicating a strategic effort to retain essential expertise
while shifting the operational center of gravity.

The company’s digital presence also underwent a dramatic transformation. Manus
AI’s official accounts on prominent Chinese social media platforms, Weibo and Xiao-
hongshu, were cleared of all content. Furthermore, a previously announced partnership
with Alibaba Cloud’s chatbot, Tongyi Qianwen, was deleted, and a former employee con-
firmed the collaboration would not proceed. Perhaps most indicative of the shift, the offi-
cial Manus AI website, which once promised a “Chinese version is under development,”
now displays “Manus is not available in your region” for users attempting to access it
from China.
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In its official communications, Manus AI stated that these adjustments were “based
on the company’s own operating efficiency considerations” and aimed to “continue to
focus on core business development and improve overall operational efficiency” [14].

The comprehensive nature of these changes, particularly the clearing of Chinese so-
cial media accounts and the explicit message blocking access for Chinese users, points
to a deliberate strategy to reshape the brand’s identity. This goes beyond mere oper-
ational restructuring; it suggests a conscious effort to re-brand Manus AI as a global,
non-Chinese entity. The objective appears to be to appeal to international investors and
markets, especially in the US, where affiliations with China are increasingly perceived
as a liability. This strategic decision to shed its Chinese identity is a clear attempt to
mitigate perceived geopolitical risks and enhance its standing in Western markets.

Moreover, the company’s official statement about “operational efficiency” serves
as a broad, corporate-friendly explanation for a complex and abrupt withdrawal. While
efficiency is a legitimate business objective, the scale and suddenness of Manus AI’s
pivot, combined with the explicit geopolitical and market pressures detailed in other re-
ports, suggest that “operational efficiency” functions as a euphemism. This allows the
company to depoliticize its actions and avoid publicly acknowledging the full extent of
external regulatory pressures and internal market struggles, thereby maintaining a neutral
business narrative in a sensitive environment.

Table 1: Key Events and Dates in Manus AI’s China Operations Adjustment
Date Event Description
March 2025 Manus AI global debut/launch
March Manus AI monthly active users peak at 20 million
April Benchmark’s US$75 million funding round, valuing Manus at US$500

million
May Founders relocate to Singapore
May Manus AI monthly active users fall to 10 million
May US Treasury Department reportedly reviewing Benchmark funding
June 18 Co-founder Zhang Tao confirms Singapore as HQ at SuperAI confer-

ence
Mid-June Manus ads begin appearing in Singapore
July 9-11 News reports confirm HQ shift, China job cuts, and social media

changes

3 Geopolitical Pressures: The Dominant Narrative

The most frequently cited catalysts for Manus AI’s relocation are the escalating geopo-
litical tensions between the United States and China, particularly concerning advanced
technology. These external pressures have created a challenging operating environment
for Chinese AI firms seeking global reach.
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The Biden Administration’s outbound investment regulations, implemented in Jan-
uary 2025, represent a significant constraint on US investors interested in advanced Chi-
nese technology companies. These rules specifically target US investments in Chinese
entities involved in sensitive technologies, including AI, by either prohibiting certain
transactions or requiring notification to the US Treasury Department. This legislative
framework imposes substantial compliance risks and heightened due diligence require-
ments for US investors, including private equity and venture capital funds. Manus AI’s
US$75 million funding round in April 2025, led by the Silicon Valley venture capital
firm Benchmark, immediately drew scrutiny from the US Treasury Department, which
initiated a review to determine its compliance with these new restrictions. This demon-
strates how investment capital itself has become a tool in geopolitical competition, with
the US government actively seeking to prevent its capital from strengthening Chinese AI
capabilities perceived as national security risks. The need for external capital for rapid
growth in the AI sector is critical, and by relocating, Manus AI attempts to de-risk future
fundraising efforts from American investors, illustrating how geopolitical considerations
directly influence funding structures and corporate geography.

Complementing investment restrictions are the stringent US export controls on ad-
vanced AI chips. Imposed in April 2025, these controls ban the sale of high-end AI
chips, such as Nvidia’s H100, to China [8]. Earlier restrictions in October 2022 and 2023
had already targeted Nvidia’s A100 and H100, and even customized lower-performance
variants like the H800 and A800. These advanced chips are indispensable for training
the complex algorithms that power general-purpose AI agents like Manus AI. Conse-
quently, Chinese firms face considerable obstacles in acquiring these essential compo-
nents. Nvidia’s CEO, Jensen Huang, has publicly criticized these controls, labeling them
a “failure” for inadvertently spurring Chinese companies to accelerate their own AI de-
velopment and noting a significant decline in Nvidia’s market share in China [15, 3].

In this challenging environment, Singapore has rapidly emerged as a strategically
important hub for Chinese-origin technology companies seeking to navigate the tensions
between Washington and Beijing. The relocation to Singapore is explicitly aimed at mit-
igating the impact of US investment restrictions and the escalating US-China AI com-
petition. Singapore offers a compelling value proposition: better access to international
markets, crucial computing resources, and global capital. It also provides a pathway for
companies to attract Western clients and investors while sidestepping potential restric-
tions that might otherwise be imposed on China-based entities. This strategic maneuver
is not unique to Manus AI; other Chinese tech giants, such as the fast fashion company
Shein and the social media platform TikTok, have similarly emphasized their Singapore
headquarters while maintaining production networks or control links in China. This trend
exemplifies a broader strategy for Chinese AI companies to establish a “third path” in
the increasingly polarized US-China tech ecosystem. Singapore, in this context, offers a
neutral, internationally connected environment that allows these companies to maintain
proximity to China’s talent pool while presenting themselves as global entities, thereby
bypassing direct US scrutiny and accessing critical inputs like advanced chips and ven-
ture capital. This represents a strategic arbitrage of geopolitical friction.
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4 Beyond Geopolitics: Internal Market Dynamics
and Strategic Repositioning

While geopolitical pressures undeniably exerted significant influence, Manus AI’s strate-
gic pivot was also profoundly shaped by internal market dynamics and a proactive repo-
sitioning strategy.

4.1 The “War of a Hundred Models”: Intense Domestic
Competition

China’s domestic AI market is characterized by an extraordinary level of competition,
often referred to as the “war of a hundred models.” With over 130 large language models
(LLMs) developed, China accounts for approximately 40% of the global total. This pro-
liferation has led to an intensely crowded market, raising concerns about sustainability
and the viability of numerous players. The fierce competition has ignited a “price war,”
with major Chinese tech giants like ByteDance, Alibaba, and Baidu drastically cutting
prices on their LLM-based services in a bid to attract users. This aggressive pricing en-
vironment makes it exceedingly difficult for smaller startups, like Manus AI, to establish
viable business models and achieve profitability within the domestic arena. The com-
petitive landscape is further intensified by the entry of established tech giants, such as
ByteDance with its Coze Space and Baidu with its AgentBuilder, which have introduced
rival AI products, directly competing for market share within China’s burgeoning AI
sector. This “war of a hundred models” is not merely a challenge; it acts as a powerful
internal force pushing Chinese AI startups outwards. While geopolitical factors create
external barriers, the intense domestic competition, characterized by a proliferation of
similar models and aggressive price wars, makes the Chinese market less attractive for
sustainable growth, especially for smaller players. This internal pressure to seek more
favorable profit potential internationally complements and amplifies the external geopo-
litical push, making internationalization a dual imperative for survival and expansion.

4.2 Product Viability and User Engagement Challenges

Manus AI also faced significant challenges related to its product’s viability and user en-
gagement. The company experienced a notable decline in its user base, with monthly
active users plummeting from approximately 20 million in March to around 10 million
by May 2025. This decline suggests underlying issues beyond external pressures.

Despite initial hype, critics have argued that Manus AI lacks “real technological
breakthroughs,” describing it as more of a “shell” that relies heavily on existing large
models, such as Anthropic’s Claude family and Alibaba’s Qwen models, and pre-existing
toolchains, rather than developing original core technology. This reliance on third-party
LLMs contributes to higher operational costs and raises questions about scalability. Fur-
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thermore, early feedback on Manus AI highlighted technical issues, including reports of
system instability, frequent crashes, inaccurate data generation, and slower processing
speeds compared to some competitors. Users also noted difficulties with straightforward
operations and integration issues within its multi-agent system. The critique that Manus
AI acts as a “shell” relying on existing LLMs points to a deeper challenge in China’s AI
ecosystem beyond just quantity. In a market saturated with LLMs, true differentiation
requires novel technological advancements. If Manus AI is perceived as lacking orig-
inality and merely integrating third-party models, its declining user numbers become
understandable, as users may gravitate towards offerings from larger players with deeper
research and development capabilities or more unique features. This suggests that the
domestic market’s “war of a hundred models” is also a “war of innovation,” where only
truly differentiated or highly efficient applications can thrive. The relocation might also
be an attempt to access a global talent pool and research and development environment
more conducive to developing proprietary, breakthrough technology [16].

4.3 Global Talent Strategy and Operational Efficiency

Manus AI’s pivot also reflects a deliberate global talent strategy and a drive for opera-
tional efficiency. The company has aggressively begun recruiting new talent in Singa-
pore, with job listings for positions such as data analyst and AI agent engineer, and is
also hiring in the US and Japan. This robust recruitment drive signifies an intention to
build a strong international talent base.

Crucially, the strategic transfer of around 40 core technical personnel from China to
Singapore ensures the retention of critical research and development capabilities while
physically relocating them to a more favorable operating environment. In the highly com-
petitive AI talent market, especially for specialized expertise, retaining key engineers and
data scientists is paramount. By relocating them to Singapore, Manus AI can leverage
Chinese engineering talent while positioning itself in a global hub that offers better access
to international markets, computing resources, and potentially a less restrictive research
and development environment. This allows the company to maintain its technical back-
bone while shedding the geopolitical baggage associated with being fully China-based.
Manus AI’s official statements about enhancing “operational efficiency” align with the
need to streamline operations in a less competitive, more globally accessible environ-
ment. The founder, Zhang Tao, also indicated considering a “full separation of its China
and international operations”, suggesting a long-term strategy to completely de-link the
global Manus AI brand from its Chinese origins.

5 Interplay of Factors: A Holistic Perspective

Manus AI’s strategic retreat from mainland China was not a singular response to one
dominant factor but rather a complex, multi-pronged maneuver necessitated by the syn-
ergistic pressures of geopolitical constraints and internal market dynamics. The external
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pressures, particularly the US outbound investment regulations implemented in January
2025, significantly limited Manus AI’s access to crucial Western capital. This made it
increasingly challenging for the company to sustain its operations and compete effec-
tively in the capital-intensive “war of a hundred models” within China. Simultaneously,
the US chip export controls, particularly those imposed in April 2025, directly impacted
Manus AI’s ability to acquire the advanced computing resources essential for training
its sophisticated AI algorithms. This fundamental requirement for an AI agent startup
was severely hindered, further impeding its technological competitiveness in an already
crowded domestic market. The confluence of these external pressures with the internal
market saturation and the company’s declining user numbers created an untenable op-
erating environment in mainland China, rendering the strategic pivot a matter of both
survival and future growth.

Manus AI’s actions illustrate the “geopolitical tax” that Chinese tech companies
face, forcing them to incur significant costs, including layoffs, relocation, and brand re-
orientation, simply to operate globally. The comprehensive nature of Manus AI’s with-
drawal—encompassing headquarters relocation, mass layoffs, and the erasure of its digi-
tal footprint—and its explicit aim to reduce “geopolitical risks” and gain “Western cred-
ibility” suggest that remaining fully China-based imposed an unacceptable cost in terms
of access to capital, markets, and technology. This “tax” compels a strategic de-coupling
of the product and brand from its country of origin, even if the parent company, Butterfly
Effect, maintains a presence in China. This results in a complex, bifurcated operational
model.

The relocation to Singapore served as a multi-pronged strategy designed to ad-
dress these intertwined challenges. Firstly, it facilitates access to US venture capital
that would otherwise face severe restrictions under the new regulations, as evidenced
by the Benchmark funding and the subsequent US Treasury review. Secondly, Singa-
pore provides better access to international computing resources, including advanced
chips, thereby circumventing the impact of US export controls. Thirdly, the move offers
refuge from China’s “war of a hundred models” [13], where the profit potential in inter-
national markets appears more favorable compared to the intensely competitive domestic
arena. Fourthly, establishing headquarters in Singapore strategically positions Manus AI
as a global company, enhancing its appeal to Western clients and investors and helping
it bypass potential sanctions. Finally, the aggressive recruitment in Singapore and the
strategic transfer of core Chinese technical staff allow Manus AI to optimize its talent
pool by leveraging Chinese engineering expertise while operating from a more globally
integrated base.

Singapore’s role in this context is not merely as a financial or logistical hub but
as an emerging “neutral” ground for AI innovation, specifically for companies caught
in geopolitical crosscurrents. The repeated mention of Singapore as a strategic base for
Chinese-origin tech companies, including Shein, TikTok, HeyGen, and WIZ.AI, indi-
cates that its value extends beyond geographical proximity to China. Its stable regulatory
environment, strong international ties, and access to global talent and infrastructure make
it an attractive “safe harbor” where companies can pursue technological development and
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market expansion without the direct political scrutiny associated with either the US or
China. This positions Singapore as a critical enabler of a more fragmented, multi-polar
AI ecosystem.

6 Conclusion

Manus AI’s strategic retreat from mainland China represents a complex and multi-
faceted response to an increasingly challenging operating environment. While geopo-
litical pressures, specifically US investment restrictions and export controls on advanced
AI chips, undeniably played a significant role by limiting access to crucial capital and
indispensable technology, internal market dynamics were equally influential. The hyper-
competitive “war of a hundred models” in China, characterized by market saturation and
aggressive price wars, coupled with Manus AI’s declining user numbers and critiques re-
garding its perceived lack of unique technological breakthroughs, created a compelling
internal impetus for seeking international markets.

The relocation to Singapore therefore signifies a strategic maneuver designed to
achieve several critical objectives simultaneously: securing access to vital funding, gain-
ing access to essential computing resources, escaping the intense domestic market satu-
ration, and strategically repositioning Manus AI as a global entity. This approach allows
the company to leverage its Chinese talent base while shedding the geopolitical liabilities
associated with being fully China-based.

Manus AI’s case serves as a microcosm of the broader challenges faced by Chinese
AI startups navigating a bifurcated global technology landscape. It highlights a growing
trend of “de-sinicization” or the adoption of “third path” strategies, where companies
proactively seek to establish operational and brand neutrality outside mainland China
to access global markets and capital. This trend suggests a potential fragmentation of
the global AI ecosystem, with new innovation hubs emerging in geopolitically neutral
territories.

The success of Manus AI’s pivot will serve as a critical case study for other Chinese
technology firms contemplating similar moves. The “third path” strategy, while inher-
ently costly and complex, may become an increasingly vital pathway for Chinese inno-
vation to achieve global scale and secure necessary resources amidst ongoing geopolitical
tensions. Future developments will likely see more Chinese-origin companies adopting
hybrid operational models, maintaining some research and development or production
links to China while strategically relocating core business functions and brand identity
to international hubs like Singapore.
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Abstract

This literature review provides an in-depth analysis of Qwen3-Coder, the latest large
language model from the QwenLM Team, focusing on its official announcement and
initial community reception. The analysis synthesizes key architectural innovations,
advanced training paradigms—including novel reinforcement learning strategies—and
claimed state-of-the-art benchmark performances in agentic coding, browser-use, and
tool-use. Concurrently, it critically examines the community’s immediate concerns, par-
ticularly revolving around the formidable hardware requirements for local deployment
and the efficacy of various quantization techniques. The review highlights the model’s
significant advancements in context handling and multi-turn problem-solving, while also
addressing practical drawbacks such as resource intensity and ongoing discussions re-
garding benchmark transparency and real-world reliability. Finally, concrete directions
for future improvements are proposed, emphasizing accessibility, robust validation, and
ecosystem development to maximize Qwen3-Coder’s impact within the software devel-
opment landscape.

1 Introduction

1.1 Background and Significance of Qwen3-Coder

The recent announcement of Qwen3-Coder by the QwenLM Team marks a pivotal mo-
ment in the evolution of large language models (LLMs) specifically tailored for code
generation and complex agentic tasks.[5, 17] This model is positioned as a significant
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leap in open-source artificial intelligence for software development, aiming to redefine
automated software engineering.[24, 2] Its introduction into the competitive landscape,
alongside proprietary models such as OpenAI’s GPT-4o, Anthropic’s Claude 3.5 Sonnet,
and Google’s Gemini 1.5 Pro, as well as open-source rivals like DeepSeek-Coder V2 and
Meta’s Code Llama 70B, underscores the rapid advancements and increasing demand for
highly capable coding LLMs.[5, 11, 4, 6, 13]

The consistent emphasis in official announcements and various reviews on Qwen3-
Coder’s “agentic” capabilities and its direct comparison to top-tier proprietary models
indicates a strategic positioning within a maturing market.[17, 6, 30, 1, 16] This release is
not merely a technical unveiling; it represents a deliberate attempt to establish a new stan-
dard for autonomous software development. By highlighting agentic features and adopt-
ing an open-source approach, the QwenLM Team is not simply releasing a new model,
but is actively challenging the perception that only closed-source models can achieve
such sophistication. The focus on “agentic” capabilities suggests a shift in the model’s
value proposition from basic code generation to more advanced code problem-solving
and workflow automation, which holds higher utility for developers and enterprises.

1.2 Scope and Objectives of the Review

This review synthesizes information from the official Qwen3-Coder blog post [17] and
initial community discussions, primarily sourced from Hacker News [7, 20], to provide
a balanced perspective on the model. The objectives of this analysis include: detailing
the model’s architectural innovations and unique training methodologies; analyzing its
claimed benchmark performance across various coding and agentic tasks; identifying and
discussing the practical challenges and drawbacks raised by the community, particularly
concerning local deployment and resource intensity; and proposing future directions for
model development and ecosystem enhancement.

2 Qwen3-Coder: Architectural Innovations and
Training Paradigms

2.1 Model Architecture and Key Specifications (MoE,
Parameters, Context Length)

The flagship variant, Qwen3-Coder-480B-A35B-Instruct, is characterized as a Mixture-
of-Experts (MoE) model. It features a substantial 480 billion total parameters, with only
35 billion active parameters during inference.[5, 17, 24, 2, 13, 16, 19, 9, 21, 12, 31, 29]
This MoE design is a critical innovation, engineered to balance computational efficiency
with high performance.[2, 1]

A particularly noteworthy feature is its native support for a 256K token context
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length, which can be extended up to 1 million tokens through extrapolation methods
such as YaRN.[5, 17, 24, 2, 6, 13, 16, 19, 9, 21, 12, 31, 29] This extensive context win-
dow is specifically optimized for handling repo-scale and dynamic data, which is crucial
for complex agentic coding tasks.[17, 6, 12]

The combination of a large MoE model and an enormous context window is a de-
liberate design choice. The MoE architecture enables computational efficiency despite
the massive total parameter count by activating only a subset of experts per token.[2,
1] This efficiency is paramount because agentic coding tasks, especially those requiring
“repo-scale” understanding, inherently necessitate processing vast amounts of contextual
information.[17, 24, 6, 12] A large context window without efficient inference would be
prohibitively expensive or slow in practical applications. Consequently, the MoE archi-
tecture facilitates the practical application of such an expansive context for complex,
multi-file, and multi-turn coding scenarios, directly supporting the model’s ambitious
“agentic” capabilities and addressing the computational overhead associated with large
context windows.

2.2 Pre-training Advancements: Scaling Tokens, Context,
and Synthetic Data

Qwen3-Coder’s development involved pre-training on an impressive 7.5 trillion tokens,
with a substantial 70% code ratio. This extensive dataset ensures robust coding capabil-
ities while preserving general and mathematical abilities.[17, 6] This massive training
corpus is a key factor in achieving high code quality and the model’s ability to handle
diverse coding tasks.[6]

The model also benefits from advancements in context scaling, building upon previ-
ous Qwen models that extended context using techniques like YaRN.[6, 14, 15] Further-
more, synthetic data scaling played a significant role. By leveraging Qwen2.5-Coder to
refine and rewrite noisy data, the team achieved substantial improvements in overall data
quality. This process is analogous to providing tailored “practice exercises” specifically
designed to enhance the model’s skills.[6, 29]

The emphasis on a high “70% code ratio” within the 7.5 trillion tokens, coupled with
the use of “Synthetic Data Scaling” via Qwen2.5-Coder, indicates a sophisticated under-
standing that mere data quantity is insufficient. The practice of using a previous model
to refine noisy data underscores a strong commitment to data quality and relevance for
coding tasks. This distinction is crucial, as high-quality, synthetically generated data can
significantly amplify the effectiveness of a vast token count, leading to more robust and
capable models, rather than simply scaling up on potentially noisy or less relevant infor-
mation. This approach directly addresses the challenge of ensuring high-quality input for
model training, mitigating potential issues of low-quality output.
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2.3 Post-training Innovations: Code RL and Long-Horizon
Agent RL

Qwen3-Coder incorporates innovative reinforcement learning (RL) strategies in its post-
training phase:

• Scaling Code RL (”Hard to Solve, Easy to Verify”): This approach centers
on execution-driven, large-scale reinforcement learning applied to a broad set
of real-world coding tasks. By automatically scaling test cases for diverse cod-
ing challenges, the development team created high-quality training instances,
which significantly boosted code execution success rates and yielded benefits
for other tasks.[17] This methodology directly contributes to the generation of
more reliable and functional code.[6]

• Scaling Long-Horizon RL (Agent RL): This strategy was designed to en-
able the model to solve complex, multi-turn software engineering tasks, such
as those found in SWE-Bench, through continuous interaction with an envi-
ronment. This involves planning, utilizing tools, receiving feedback, and mak-
ing iterative decisions.[17, 29] A scalable system, capable of running 20,000
independent environments in parallel on Alibaba Cloud’s infrastructure, fa-
cilitated this process. This infrastructure provided the necessary feedback for
large-scale reinforcement learning and supported evaluation at scale.[17, 29]

The detailed description of running “20,000 independent environments in parallel
on Alibaba Cloud’s infrastructure” for Long-Horizon RL reveals the immense engineer-
ing effort and computational resources invested in training truly agentic models. This
level of parallelization for environment interaction and feedback represents a significant
barrier to entry for many research groups and highlights Alibaba’s substantial commit-
ment to this area. It suggests that achieving advanced “agentic” capabilities is not solely
dependent on model architecture or data, but also on sophisticated, large-scale infras-
tructure and methodologies capable of simulating complex, real-world problem-solving
loops. This capability provides a competitive advantage that directly contributes to the
model’s claimed state-of-the-art performance in agentic tasks.

2.4 Open-Source Tools and Ecosystem Integration

In conjunction with the model release, the QwenLM Team open-sourced “Qwen Code,”
a command-line interface (CLI) tool designed for agentic coding. This tool is explicitly
noted as being forked and adapted from Gemini Code.[5, 17, 12, 31, 29, 15]

Qwen Code supports the OpenAI SDK for calling LLMs, which signifies a de-
liberate focus on interoperability and ease of integration into existing developer work-
flows.[17, 15] The model is also designed to work seamlessly with other popular tools
such as Claude Code and Cline.[5, 17, 1, 12, 31, 29]
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Open-sourcing Qwen Code and ensuring compatibility with widely used interfaces
like the OpenAI SDK, Claude Code, and Cline represents a strategic move to foster
broader adoption.[5, 17, 1, 12, 31, 29, 15] By providing familiar tools and interfaces,
QwenLM effectively lowers the barrier for developers to experiment with and integrate
Qwen3-Coder into their existing development environments. This approach is particu-
larly important for a large model that might otherwise face significant deployment hur-
dles. It acknowledges that the widespread impact of a model depends not only on its inher-
ent capabilities but also on the robustness and accessibility of the surrounding ecosystem.

3 Benchmarking Performance and
State-of-the-Art Claims

3.1 Agentic Coding, Browser-Use, and Tool-Use
Performance

The official announcement asserts that Qwen3-Coder-480B-A35B-Instruct “sets new
state-of-the-art results among open models on Agentic Coding, Agentic Browser-Use,
and Agentic Tool-Use”.[17, 6, 1, 16, 19, 9, 21, 12, 31, 29] Furthermore, it is claimed to
achieve performance “comparable to Claude Sonnet 4”.[17, 11, 6, 1, 16, 19, 9, 21, 12,
31, 29]

The repeated assertion of “SOTA among open models” alongside “comparable to
Claude Sonnet 4” creates a compelling narrative.[17, 11, 6, 1, 16, 19, 9, 21, 12, 31,
29] This positions Qwen3-Coder not merely as the leading open-source option, but as
a credible, potentially more cost-effective alternative to prominent proprietary models.
This directly addresses the community’s interest in “Local vs. Cloud Models” [7], sug-
gesting that users may no longer need to accept significant compromises on performance
when opting for an open-source solution that can be deployed locally (with appropriate
quantization).

3.2 SWE-Bench Verified and Other Code-Centric
Benchmarks

On the SWE-Bench Verified benchmark, Qwen3-Coder is reported to achieve state-of-
the-art performance among open-source models without test-time scaling.[5, 17, 24, 2,
9, 21, 12, 31, 29] This achievement is presented as evidence of its robust long-horizon
RL capabilities.[17] The model also demonstrates strong performance on other coding
benchmarks, leading on CodeForces ELO, BFCL, and LiveCodeBench v5.[24, 2, 3]
For example, a related Qwen3 model (Qwen3-235B) scored 2056 on CodeForces ELO,
surpassing DeepSeek-R1 and Gemini 2.5 Pro.[3] Additionally, Qwen3-Coder achieves
61.8% on Aider Polygot [27] and a Terminal-Bench accuracy of 37.5% for the Qwen3-
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Coder-480A35 variant.[15]

The phrase “without test-time scaling” on SWE-Bench Verified is a critical detail.[5,
17, 24, 2, 9, 21, 12, 31, 29] SWE-Bench evaluates AI agents on real-world bug-fixing
tasks.[8, 28] “Test-time scaling” typically refers to techniques such as multiple inference
attempts or complex prompting strategies employed during evaluation to artificially in-
flate scores. By achieving state-of-the-art performance without such scaling, QwenLM
implies a more inherent and robust capability, directly attributable to its Long-Horizon
RL training. However, the varying scores across different benchmarks (e.g., 61.8% on
Aider Polygot versus 37.5% on Terminal-Bench) suggest that while the model is strong
in specific agentic tasks, its performance is not uniformly dominant across all coding
challenges. This indicates that “agentic coding” is a multifaceted domain, and leading
performance in one sub-area does not necessarily translate to leading performance across
the entire spectrum.

3.3 Comparative Analysis with Proprietary Models (e.g.,
Claude Sonnet 4)

Qwen3-Coder is claimed to be “comparable to Claude Sonnet 4”.[17, 11, 6, 1, 16, 19, 9,
21, 12, 31, 29] Some users have even reported it to be “much faster than Claude Sonnet
4 with similar results”.[7] On the TAU-Bench Retail benchmark, Qwen3-Coder notably
outperforms Claude Sonnet 4.[6] However, a comparison involving Qwen3 32B (a dif-
ferent model variant, not the Coder-480B) showed Claude Sonnet 4 outperforming it in
AIME 2025 (85.0% vs. 72.9%), while being significantly more expensive for both input
and output tokens.[11]

4 Community Reception and Practical
Deployment Challenges

4.1 The Imperative of Local Deployment and Quantization
Efforts

Initial community reception, particularly on Hacker News, immediately converged on the
practical implications of deploying such a large model.[7] This intense focus highlights
a strong desire among users to run LLMs locally, driven by concerns over cost, data
privacy, and compliance.[24, 11, 7, 20, 27, 3, 18]

4.2 Hardware Requirements and Inference Performance

Running the Qwen3-Coder-480B-A35B-Instruct locally imposes substantial hardware
demands. For a dynamic 2-bit quantization, the model requires 24GB of VRAM and
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Table 1: Qwen3-Coder’s Claimed Benchmark Performance vs. Key Competitors
Benchmark /
Model

Qwen3-Coder-
480B-A35B-
Instruct

Claude Sonnet 4 GPT-4.1 Kimi K2 DeepSeek-
Coder V2

Gemini
2.5 Pro

Agentic Coding SOTA (Open
Models) [17]

Comparable [17] - - - -

Agentic Browser-
Use

SOTA (Open
Models) [17]

Comparable [17] - - - -

Agentic Tool-Use SOTA (Open
Models) [17]

Comparable [17] - - - -

SWE-Bench Veri-
fied (no test-time
scaling)

SOTA (Open
Models) [17]

- - - - -

CodeForces ELO Lead [2] - - - - -
BFCL Lead [2] - - - - -
LiveCodeBench
v5

Lead [2] - - - - -

Aider Polygot 61.8% [27] - - - - -

Terminal-Bench 37.5% [15] - - - - -
TAU-Bench Re-
tail

Outperforms
Claude Sonnet 4
[6]

- - - - -

Note: “SOTA” refers to State-of-the-Art among open models. “Comparable” refers to official claims of
parity with proprietary models. Numerical scores are provided where available for the specific

Qwen3-Coder variant or related Qwen3 models.
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128GB of RAM. For 4-bit quantization, approximately 250GB of RAM is needed, esca-
lating to around 500GB for FP8.[7] Inference speed is significantly influenced by RAM
bandwidth, with recommendations for workstations equipped with 8-channel DDR5
memory to optimize performance.[7] Estimated speeds for a setup comprising a 24GB
GPU and 128GB RAM are between 3-5 tokens per second, which can drop to less than
1 token/s if RAM capacity is insufficient.[7] Despite these constraints, some users have
reported satisfactory performance at approximately 1.5 tokens/second.[7, 18]

The community’s immediate focus on local deployment and quantization, while in-
dicative of a strong desire for self-hosting powerful LLMs, also reveals a significant gap
between this “local dream” and the “hardware reality” for most individual developers or
even smaller teams. While GPUs with 24GB VRAM (such as the RTX 4090) are con-
sidered consumer-grade, the accompanying RAM requirements push into workstation or
server-class hardware territory. This implies that while local deployment is technically
feasible, it remains largely inaccessible for the average user without substantial invest-
ment, creating a practical barrier to widespread adoption despite the model’s open-source
nature. This tension between aspiration and practical limitation is a key challenge for
broader accessibility.

4.3 Dynamic Quantization: Technical Nuances and
Community Adoption

Efforts by community members, notably ‘unsloth’, to create quantized versions (e.g., 2-
bit to 8-bit GGUFs) for local execution have been a prominent topic of discussion.[7, 27]
A primary concern revolved around the viability of highly aggressive quantizations, such
as pure 2-bit, with some users reporting previous negative experiences where such low-bit
quantizations resulted in “completely broken” models. However, ‘danielhanchen’ from
Unsloth provided clarification on their “dynamic quantization” approach, explaining that
it involves a mixture of 2, 3, 4, 5, 6, and 8-bit precision. In this method, “important layers
are in 8bit, 6bit. Less important ones are left in 2bit”.[7] This intelligent quantization
strategy, which involves inspecting activation and weight quantization errors, has been
recognized as a crucial advancement in model compression.[7] The process of dynam-
ically quantizing a model of Qwen3-Coder’s scale is itself resource-intensive, requiring
several hours and significant cloud computing resources.[7]

The detailed discussion surrounding skepticism about 2-bit quantization and the
subsequent explanation of Unsloth’s “dynamic quantization” highlights that model com-
pression is not a simple, universally applied solution; rather, it is an evolving art. The
concept of identifying “important layers” and dynamically applying varied precision
suggests a sophisticated and ongoing area of research, far from a mature, fully solved
problem. The fact that the quantization process itself demands significant resources and
time implies that while it enables local inference, the creation of these optimized models
remains a bottleneck. This often necessitates centralized cloud resources for the initial
optimization effort, meaning that accessibility, while improved for inference, is not yet
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fully decentralized in terms of model preparation.

4.4 Real-World Application and Productivity Debates

Discussions within the community extend to the practical impact of agentic coding on
software engineering workflows. Users actively debate whether these tools genuinely
enhance productivity, particularly for tasks beyond direct code generation.[7] Agentic
coding tools are being applied to automate non-coding overhead tasks, such as writing
Git commit messages, creating or updating tickets, and summarizing meetings.[7] Some
users have even found AI-written Git messages and tickets to be superior to their manually
crafted versions.[7]

A notable debate emerged concerning the reported low percentage of time software
engineers spend on “making code changes” (cited as 5% in one user’s breakdown). Some
community members characterized this as a “serious organizational dysfunction,” while
others contended that it represents a strategic feature for large technology companies,
allowing engineers to focus on maintenance and speculative feature development.[7]

The debate regarding the minimal time spent by software engineers on “making
code changes” and the application of agentic tools to “non-coding overhead” signifies a
fundamental shift in the perception of “developer productivity” in the AI era.[7] If AI can
automate these ancillary, yet time-consuming, tasks, the value proposition of a human
developer may shift from raw coding output to higher-level activities such as design,
architecture, and complex problem-solving, or even the management of AI agents. This
suggests that the impact of agentic AI might be less about replacing human coders and
more about redefining the coding role and the broader software development lifecycle,
potentially freeing human engineers for more complex, creative, or strategic work.

4.5 Concerns: Hallucination, Context Handling, and
Reliability

Users frequently express concerns regarding LLMs “hallucinating” code or information,
particularly for less mainstream or complex tasks.[7, 20, 18] This highlights the ongo-
ing necessity for human oversight and careful prompting to ensure reliable outputs.[7]
Some users specifically reported instances where Qwen3-Coder appeared to ignore sys-
tem prompts, struggled with context, and exhibited rigid tool calls, giving the impression
of “formulaic” responses rather than adaptive problem-solving.[18] One user noted hal-
lucination issues specifically when the model was engaged in code-related tasks, despite
its satisfactory performance on other types of prompts.[20]

Furthermore, the proliferation of various agentic coding tools and models has led
to a perceived “ridiculous” situation of maintaining separate configuration files (e.g.,
CLAUDE.md, MISTRAL.md, QWEN.md) within repositories. This fragmentation has
generated a strong desire within the community for greater standardization of agent con-
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figuration protocols.[7]

Table 2: Summary of Community-Identified Drawbacks and Proposed Solutions
Drawback Cate-
gory

Specific Issue Community Ob-
servation / Impact

Proposed / Exist-
ing Solutions

Relevant Snippet
IDs

Resource Inten-
sity

High
VRAM/RAM
requirements for
local inference

Limits accessibil-
ity for individual
developers and
smaller teams;
significant initial
hardware invest-
ment

Dynamic quanti-
zation (Unsloth),
multi-GPU
setups, MoE
offloading strate-
gies

[7, 27]

Hallucination /
Reliability

Inconsistent or in-
correct code / in-
formation genera-
tion

Requires hu-
man oversight;
reduces trust
in autonomous
capabilities; can
lead to debugging
effort

Careful prompt-
ing; potential for
self-improvement
in future models

[7, 20, 18]

Context Han-
dling

Struggles with
context in multi-
file projects;
ignores system
prompts

Diminishes
effectiveness
in complex,
repo-scale tasks;
requires more
manual interven-
tion

Improved model
training for
contextual under-
standing; better
prompt engineer-
ing by users

[18]

Tool Call Rigid-
ity

“Rigid” or “for-
mulaic” tool calls;
lacks adaptive
“thinking”

Limits flexi-
bility in novel
scenarios; sug-
gests template-
filling over true
problem-solving

Refined post-
training tech-
niques; enhanced
instruction fol-
lowing

[18]

Workflow Frag-
mentation

Proliferation of
model-specific
configuration files

Creates mainte-
nance burden;
hinders seamless
integration of
multiple agents

Standardization
efforts (e.g.,
AGENTS.md
protocol); sym-
linking

[7]

5 Critical Assessment: Drawbacks and Areas for
Improvement

5.1 Resource Intensity and Accessibility Barriers

The most significant drawback of Qwen3-Coder is the sheer size of its 480 billion pa-
rameter model, which poses substantial challenges for local deployment and widespread
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accessibility without advanced compression techniques.[7] While dynamic quantization
represents a promising step towards reducing the model’s footprint, the remaining hard-
ware requirements—such as 24GB VRAM and 128GB RAM even for 2-bit quantized
versions—mean that full-precision inference, or even highly quantized inference, remains
beyond the reach of many individual developers and smaller teams.[7]

Furthermore, the process of dynamic quantization itself is not trivial; it is resource-
intensive, requiring significant cloud computing resources and several hours (estimated
at 8 hours minimum for Qwen3-Coder-480B) to complete.[7] This indicates that even
the production of these more accessible versions is a complex undertaking. This situation
presents a paradox: while the open-source release and quantization efforts aim for decen-
tralized access through local deployment, the sheer scale of the model implies that the
creation of these accessible quantized versions, and certainly the initial training, remains
highly centralized and resource-intensive. This creates a dependency on specialized enti-
ties, such as Unsloth or Alibaba Cloud, for the broader community to effectively leverage
the model. True democratization of such large models necessitates not only open weights
but also democratized means of optimization and deployment.

5.2 Benchmark Transparency and Reproducibility Concerns

As with any newly released model, the establishment of detailed and independently ver-
ifiable benchmarks across a wider, more diverse range of real-world coding and agen-
tic tasks would significantly strengthen Qwen3-Coder’s standing. Concerns regarding
“deceptive benchmark hacking” and skepticism about state-of-the-art claims have been
voiced within the community, with some users advising against relying solely on bench-
marks released by model-developing companies.[30, 22]

Specifically, authors of the Arc AGI benchmark reportedly could not reproduce
Qwen’s claimed 41% score.[30, 22] While QwenLM denies engaging in benchmark
manipulation [22], community observations indicate that Qwen recently modified their
“cradle” (evaluation environment) and enabled tool use, which resulted in a significant
(30%) jump in scores for all models, including smaller open ones.[23] These observa-
tions raise important questions about the methodology and comparability of benchmarks
across different models and evaluation setups. This situation highlights an “arms race”
in LLM benchmarking, where companies may optimize their models and evaluation en-
vironments to perform exceptionally well on specific, publicly known benchmarks, po-
tentially at the expense of generalizability or real-world robustness. This practice can
erode community trust and complicate objective model comparisons. The lack of inde-
pendent verification and the ease with which benchmark scores can be influenced by
subtle methodological changes (e.g., “cradle” adjustments, tool use enablement) suggest
that raw benchmark numbers alone are insufficient indicators of a model’s true capabil-
ities. This underscores the need for more standardized, transparent, and independently
verifiable evaluation protocols within the broader LLM community.
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5.3 Model Consistency and Adaptability in Diverse
Scenarios

Despite the claimed agentic capabilities, some users have reported issues with Qwen3-
Coder, including instances where it appeared to ignore system prompts, struggled with
context in multi-file projects, and produced “rigid” or “formulaic” tool calls.[18] These
observations suggest a potential lack of adaptive “thinking” beyond simple template fill-
ing. One user also experienced hallucination issues when working on code, even while
the model performed well on other tasks.[20]

These reported inconsistencies indicate that while the model may excel in specific,
structured benchmark scenarios, its real-world performance for complex, nuanced, or
novel coding tasks might still necessitate significant human intervention and careful
prompting. The reported issues of “ignoring system prompts,” “struggling with con-
text,” and “rigid tool calls” appear to contradict the official narrative of Qwen3-Coder
being the “most agentic” model.[18] While the model might perform well on structured
agentic benchmarks, these user experiences suggest a gap between agentic behavior (ex-
ecuting multi-step tasks with tools) and true autonomy or robust adaptability. A truly
autonomous agent would not disregard instructions or struggle with dynamic context.
This implies that the model, despite its advanced reinforcement learning training, may
still exhibit brittleness when confronted with real-world complexities that deviate from
its training distribution.

6 Future Directions and Recommendations

6.1 Advancements in Model Compression and Efficient
Inference

Continued research into more efficient and less lossy compression techniques, build-
ing upon the foundation of dynamic quantization, is crucial. This includes exploring
novel quantization methods, sparse model architectures, and highly optimized inference
frameworks.[7, 27] A key focus should be on optimizing these models for more com-
mon consumer-grade hardware configurations, such as GPUs with 16GB VRAM paired
with more modest RAM capacities. This would significantly broaden accessibility for
individual developers and smaller teams who lack extensive cloud resources.[7, 27, 18]
Further development of Mixture-of-Experts (MoE) offloading strategies to efficiently
distribute the computational load across heterogeneous hardware (CPU/GPU) is also rec-
ommended.[27]

The persistent emphasis on optimizing for local deployment and the community’s
desire for smaller, more optimized variants highlight a significant “democratization bot-
tleneck” for large models, even open-source ones.[7, 27, 18] The widespread success
and impact of such powerful models depend not only on their inherent capabilities but

34



also on their accessibility. Overcoming this bottleneck requires continuous innovation
in compression and efficient inference, making it feasible for a broader user base to run
and experiment with these models without prohibitive hardware investments. This is a
critical factor for fostering a vibrant and inclusive open-source ecosystem.

6.2 Enhancing Benchmark Rigor and Independent
Validation

To cultivate greater community trust and facilitate clearer comparisons, future model
releases should prioritize transparent and independently verifiable benchmarks across a
wider, more diverse range of real-world coding and agentic tasks.[30, 22] This entails
publishing detailed methodologies, comprehensive training data, and evaluation scripts
to enable full reproducibility by third parties.[22] Collaboration with independent bench-
marking organizations, such as those responsible for SWE-Bench Verified and Terminal-
Bench, to conduct and publish results would significantly enhance the credibility of per-
formance claims.[8, 28, 25, 10, 26]

The skepticism surrounding company-released benchmarks and the specific issues
related to Arc AGI reproducibility point to a trust deficit within the LLM community.[30,
22] To address this, model developers need to move beyond simply publishing scores.
Full transparency in methodology, data, and evaluation scripts, coupled with active en-
gagement with independent evaluators, is essential. This approach would shift the fo-
cus from merely “claiming state-of-the-art” to “demonstrating robust, verifiable perfor-
mance,” which is crucial for long-term adoption and maintaining scientific integrity.

6.3 Fostering Community Tooling and Smaller, Optimized
Variants

Continued development and support for tools like Qwen Code, coupled with active en-
couragement of community contributions, will enhance the model’s usability and integra-
tion into diverse development environments.[5, 17, 12, 31, 29, 15] Addressing the issue
of “configuration file proliferation” through standardized agent configuration protocols
(e.g., an ‘AGENTS.md’ standard, as suggested by the community) would significantly
improve the developer experience.[7] While the 480B model is undoubtedly powerful,
the development of smaller, highly optimized variants that retain a significant portion of
its agentic capabilities could broaden its applicability and reduce computational overhead
for specific use cases.[27, 18] This strategy would cater to the “good enough” philoso-
phy for certain tasks, where optimal performance is less critical than accessibility and
efficiency.[18]

The community’s frustration with tool fragmentation and the desire for smaller mod-
els underscore that a model’s true value extends beyond its raw performance; it also
encompasses its integrability and usability within a broader ecosystem.[7, 27, 18] By ac-
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tively fostering community tooling, supporting standardization efforts, and developing a
range of model sizes, QwenLM can significantly amplify the impact of Qwen3-Coder.
This strategy acknowledges that a powerful model alone is insufficient; it must be em-
bedded within a supportive, user-friendly environment to achieve widespread adoption
and utility.

6.4 Improving Robustness and Reliability for Agentic
Workflows

Addressing reported issues of hallucination, the model ignoring system prompts, and
rigid tool calls is paramount for widespread real-world agentic adoption.[20, 18] This
may necessitate refining post-training techniques, enhancing instruction following capa-
bilities, and improving contextual understanding for multi-file and long-horizon tasks.
Further research into self-improvement mechanisms for coding agents, as hinted by
QwenLM, could lead to models that autonomously learn from their failures and adapt
to novel scenarios.[17] This would bridge the existing gap between merely “agentic” be-
havior and true “autonomous” intelligence.

The practical struggles reported by the community regarding hallucination and rigid
behavior suggest that even models achieving state-of-the-art agentic benchmarks still ex-
hibit a qualitative difference between performing well on structured tests and reliably
navigating the messy, unpredictable nature of real-world software engineering.[20, 18]
The pursuit of “self-improvement” is critical here.[17] It signifies a shift from training
models for specific, predefined tasks to training them for continuous learning and adap-
tation, which is a hallmark of true intelligence and autonomy. This long-term vision is
necessary to overcome current limitations and fully deliver on the promise of truly trans-
formative AI coding assistants.

7 Conclusion

Qwen3-Coder represents a significant leap in open-source code-centric large language
models, particularly in its agentic capabilities and extensive context handling. Its innova-
tive training methodologies, especially in large-scale Code RL and Long-Horizon Agent
RL, position it as a strong contender in the competitive landscape of AI for software de-
velopment. The model’s claimed state-of-the-art performance on benchmarks like SWE-
Bench Verified, alongside its comparability to proprietary models such as Claude Sonnet
4, underscores its technical prowess.

However, the immediate community engagement highlights substantial practical
challenges associated with its deployment. These challenges primarily stem from its
formidable size and the resulting hardware requirements for local inference. While dy-
namic quantization offers a promising avenue for accessibility, it also reveals the ongoing
research and resource intensity required for effective model compression. Furthermore,
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concerns regarding benchmark transparency and the model’s consistency in complex,
real-world scenarios necessitate continued efforts in independent validation and robust-
ness improvements.

The tension between the model’s advanced capabilities and its practical accessi-
bility underscores a critical theme in the current LLM landscape: the democratization
of powerful AI. Future advancements will depend not only on pushing the boundaries
of model intelligence but also on developing more efficient deployment strategies, fos-
tering a robust open-source ecosystem, and ensuring rigorous, transparent evaluation.
Qwen3-Coder, with its blend of scale, innovation, and open-source commitment, sets a
new standard, but its ultimate impact will hinge on how effectively these challenges are
addressed to empower the broader developer community.
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Abstract

The rapid proliferation and adoption of Large Language Models (LLMs) have ushered
in unprecedented capabilities, yet simultaneously exposed a significant challenge: the
lack of clear and consistent pricing transparency. As LLMs become integral to vari-
ous industries, understanding their true cost—beyond simple per-token rates—is crucial
for effective budgeting, strategic planning, and fostering trust. This review examines the
current state of LLM pricing transparency, drawing on recent academic discussions that
highlight its complexities and implications.

1 The Problem

LLM pricing models are inherently intricate, often involving variables such as input/out-
put token counts, context window size, model variants (e.g., mini, pro, turbo), and even
specialized functionalities like tool use or multimodal processing. [1] The “black box”
nature of many proprietary LLMs further exacerbates this issue, as their internal mech-
anisms and decision-making processes remain obscured, complicating a direct under-
standing of resource consumption and value generation. [4] Research from studies like
“Towards Transparent AI: A Survey on Explainable Large Language Models” implic-
itly touches upon this, emphasizing the need for explainability to build user trust, which
extends beyond technical performance to economic factors.
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2 The Discussions

A critical aspect of pricing transparency lies not just in the cost of inference but also in the
underlying expenses of model development and training data. The paper “Position: The
Most Expensive Part of an LLM should be its Training Data” [3] argues that the human
labor involved in producing training datasets often represents a significant, yet largely
unaccounted for, financial liability for LLM providers. This hidden cost contributes to
the overall opaqueness of LLM economics, making it difficult for consumers to discern
fair pricing and for competitors to establish a level playing field.

Furthermore, the emergence of LLM-based pricing agents introduces new dimen-
sions of concern regarding market fairness and potential collusion. “Algorithmic Collu-
sion by Large Language Models” [2] highlights that LLM-based agents can “quickly and
autonomously reach supracompetitive prices and profits,” with their “intentions” being
“opaque and largely uninterpretable.” This raises critical questions about regulatory over-
sight and the need for greater transparency in algorithmic pricing strategies. Similarly,
“Fairshare Data Pricing for Large Language Models” [6] directly addresses the “lack of
fairness and transparency in data pricing” within LLM training data markets, proposing
frameworks to ensure that data prices reflect their true value and contribution to model
performance.

The discussion around “open-source” versus “open-weight” LLMs also plays a role
in pricing transparency. As explored in “Comprehensive Analysis of Transparency and
Accessibility of ChatGPT, DeepSeek, and other SoTA Large Language Models” [5], even
models labeled as open-source may lack full disclosure of training data, code, and key
metrics. This partial openness can obscure the true costs of development and mainte-
nance, impacting how transparently a model’s operational expenses can be communi-
cated to end-users.

3 Conclusion

In conclusion, achieving comprehensive LLM pricing transparency requires a multi-
faceted approach that extends beyond simple rate cards. It necessitates a deeper under-
standing of the entire LLM lifecycle costs, from data acquisition and model training to
deployment and maintenance. Future research and industry standards should focus on de-
veloping more standardized and comprehensible pricing metrics, alongside greater dis-
closure of the factors influencing LLM costs. This will empower users to make more in-
formed decisions, foster healthy market competition, and build greater trust in the rapidly
evolving landscape of artificial intelligence.
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Abstract

This is a simple compilation of arXiv entries about LLM for 2025 July.

Full List
2507.16835
Evaluating Speech-to-Text x LLM x Text-to-Speech Combinations for AI Interview Sys-
tems

2507.16841
AquaChat: An LLM-Guided ROV Framework for Adaptive Inspection of Aquaculture
Net Pens

2507.16852
SynthCTI: LLM-Driven Synthetic CTI Generation to enhance MITRE Technique Map-
ping

2507.16860
Weak Links in LinkedIn: Enhancing Fake Profile Detection in the Age of LLMs

2507.16951
Harnessing RLHF for Robust Unanswerability Recognition and Trustworthy Response
Generation in LLMs

2507.16969
LLM4MEA: Data-free Model Extraction Attacks on Sequential Recommenders via
Large Language Models
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2507.16974
Leveraging Synthetic Data for Question Answering with Multilingual LLMs in the Agri-
cultural Domain

2507.16989
Obscured but Not Erased: Evaluating Nationality Bias in LLMs via Name-Based Bias
Benchmarks

2507.17015
Can External Validation Tools Improve Annotation Quality for LLM-as-a-Judge?

2507.17016
Causal Graph Fuzzy LLMs: A First Introduction and Applications in Time Series Fore-
casting

2507.17061
Parallelism Meets Adaptiveness: Scalable Documents Understanding in Multi-Agent
LLM Systems

2507.17075
LoRA is All You Need for Safety Alignment of Reasoning LLMs

2507.17080
VL-CLIP: Enhancing Multimodal Recommendations via Visual Grounding and LLM-
Augmented CLIP Embeddings

2507.17120
BucketServe: Bucket-Based Dynamic Batching for Smart and Efficient LLM Inference
Serving

2507.17133
BrownoutServe: SLO-Aware Inference Serving under Bursty Workloads for MoE-based
LLMs

2507.17134
Resilient Multi-Agent Negotiation for Medical Supply Chains:Integrating LLMs and
Blockchain for Transparent Coordination

2507.17147
CogDual: Enhancing Dual Cognition of LLMs via Reinforcement Learning with Implicit
Rule-Based Rewards

2507.17165
Can LLMs Write CI? A Study on Automatic Generation of GitHub Actions Configura-
tions

2507.17168
Improving LLMs’ Generalized Reasoning Abilities by Graph Problems
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2507.17178
SKA-Bench: A Fine-Grained Benchmark for Evaluating Structured Knowledge Under-
standing of LLMs

2507.17188
LLM Meets the Sky: Heuristic Multi-Agent Reinforcement Learning for Secure Hetero-
geneous UAV Networks

2507.19525
MMCircuitEval: A Comprehensive Multimodal Circuit-Focused Benchmark for Evalu-
ating LLMs

2507.19537
Mind the Language Gap in Digital Humanities: LLM-Aided Translation of SKOS The-
sauri

2507.19549
AccessGuru: Leveraging LLMs to Detect and Correct Web Accessibility Violations in
HTML Code

2507.19562
PennyCoder: Efficient Domain-Specific LLMs for PennyLane-Based Quantum Code
Generation

2507.19570
MCP4EDA: LLM-Powered Model Context Protocol RTL-to-GDSII Automation with
Backend Aware Synthesis Optimization

2507.19608
DeltaLLM: A Training-Free Framework Exploiting Temporal Sparsity for Efficient Edge
LLM Inference

2507.19643
Can You Share Your Story? Modeling Clients’ Metacognition and Openness for LLM
Therapist Evaluation

2507.19747
TokenBlowUp: Resolving Representational Singularities in LLM Token Spaces via
Monoidal Transformations

2507.19749
Can LLMs Solve ASP Problems? Insights from a Benchmarking Study (Extended Ver-
sion)

2507.19823
HCAttention: Extreme KV Cache Compression via Heterogeneous Attention Computing
for LLMs

2507.19845
MegatronApp: Efficient and Comprehensive Management on Distributed LLM Training
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2507.19855
Inducing Causal World Models in LLMs for Zero-Shot Physical Reasoning

2507.19899
A Gold Standard Dataset and Evaluation Framework for Depression Detection and Ex-
planation in Social Media using LLMs

2507.19939
LLMControl: Grounded Control of Text-to-Image Diffusion-based Synthesis with Mul-
timodal LLMs

2507.19956
Predicting Brain Responses To Natural Movies With Multimodal LLMs

2507.19980
Exploring LLM Autoscoring Reliability in Large-Scale Writing Assessments Using Gen-
eralizability Theory

2507.20059
RAG in the Wild: On the (In)effectiveness of LLMs with Mixture-of-Knowledge Re-
trieval Augmentation

2507.20066
Studying Disinformation Narratives on Social Media with LLMs and Semantic Similarity

2507.20067
PITA: Preference-Guided Inference-Time Alignment for LLM Post-Training

2507.20147
Integrating LLM-Derived Multi-Semantic Intent into Graph Model for Session-based
Recommendation

2507.20152
Goal Alignment in LLM-Based User Simulators for Conversational AI

2507.20208
IQ Test for LLMs: An Evaluation Framework for Uncovering Core Skills in LLMs

2507.20215
MLC-Agent: Cognitive Model based on Memory-Learning Collaboration in LLM Em-
powered Agent Simulation Environment

2507.20278
MoL-RL: Distilling Multi-Step Environmental Feedback into LLMs for Feedback-
Independent Reasoning

2507.20300
Talking-to-Build: How LLM-Assisted Interface Shapes Player Performance and Experi-
ence in Minecraft
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RMTBench: Benchmarking LLMs Through Multi-Turn User-Centric Role-Playing
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Financial Trading
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with Large Language Models
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tions and Answers
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MeLA: A Metacognitive LLM-Driven Architecture for Automatic Heuristic Design
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CoGrader: Transforming Instructors’ Assessment of Project Reports through Collabora-
tive LLM Integration
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MIMII-Agent: Leveraging LLMs with Function Calling for Relative Evaluation of
Anomalous Sound Detection

2507.20674
LLM-Based Repair of Static Nullability Errors

2507.20774
evalSmarT: An LLM-Based Framework for Evaluating Smart Contract Generated Com-
ments

2507.20849
Latent Inter-User Difference Modeling for LLM Personalization
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A Human-in-the-loop Approach to Robot Action Replanning through LLM Common-
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Your AI, Not Your View: The Bias of LLMs in Investment Analysis
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Repairing vulnerabilities without invisible hands. A differentiated replication study on
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LoRA-PAR: A Flexible Dual-System LoRA Partitioning Approach to Efficient LLM
Fine-Tuning
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2507.21028
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